Estimating Long-term Program Impacts When the Control Group Joins Treatment in the Short-term
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Randomized trials of educational interventions often face Five student groups are involved in Data collection
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Methods. Conclusion/Discussion.

1. Experimental (1-year impact). We compare performance of randomized groups after 1 year. s Bias dueto
Percentile Bias dueto achanging Bias dueto

2. Quasi-experimental (2-year impact). Students in Group 1 are matched to similar students in Impact Method  Estimate Effect size standing _selection _treatment  attrition®
groups 3 and 5 and we compare the difference between them in performance. l-year Experimental  3.17 055 | 21%  Ruled out  Ruled out  Possible
Extra-experimental (2-year impact). We estimate the difference in performance between the
randomized groups (groups 1 and 2) after the first and second years, and combine the differences 2.year ~ Quasi- 619 0.89 06 31% bossibler  Ruled out  Possible
to construct an estimate of how the controls would have performed had they not joined the experimental

program. Extra- ikalyb i
2-year  eyperimental 5.81 0.98 .02 34% Ruled out Unlikely Possible

4 Balance is achieved on a series of covariates.

b No evidence that the treatment changed between the first and second year (for a description of the assumptions underlying the
extra-experimental method see Bell and Bradley (2008))

¢ Remaining groups pass balance checks.

R | 2-year impact: 2-year impact:
esults. l-year impact Quasi-experimental Extra-experimental
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80% e We compared two methods for obtaining two-year impact estimates in the situation where the

conficence experimental control joined treatment after one year. Each method has strengths and limitations
that the other does not.
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e In this study, the two-year impact estimates from both methods are consistent, which gives us
convergent validity and greater confidence in the result.
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